Automatic recognition of vehicle
attributes using machine learning
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Region of interes

» Pixel intensity values




Preprocessing
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How to classify?

> Let’s go deep...
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Deep learning

» Test some recommended configurations
» hidden = [200,200]
» hidden = [512]
> hidden = [64,64,64]
» hidden = [32,32,32,32,32]
» hidden = [1024,512,256]
»Overfitting and dropout

»Use dropout ratio

» Use adaptive rate




What about results?

Klasifikdtor Metrika Sada-Skoda
RandomForest (100 ntree, 15 mtry) Presnost 97.21 %
SVM - RBF (C=10, =0.001) Pfesnost 95.68 %
Neuronové sité (0.2 dropout na vstupni Pfesnost 95.55 %
vrstve)

(200 Tanh)->(200 Tanh)->(2 Softmax)

Klasifikator Metrika Sada-Volkswagen
RandomForest (100 ntree, 15 mtry) Pfesnost 98.10 %
SVM - RBF (C=10, y=0.001) Pfesnost 92.21 %
Neuronové sité (dropout 0.2 na Pfesnost 93.16 %
vstupni a 0.5 na skrytych vrstvach)
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Random forest?




Deep learning - features
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vantages and disadvantages




Detecting anomalies




Reconstruction example
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Reconstruction error
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Detected anomali




