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Analysis for Protein Denaturation
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Data analysis
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Results
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Example

Analysis of protein thermal denaturation data
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Analysis for Microfluidics
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Machine Learning for Protein Engineering
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Predicting protein stability

Protein 1: LTLEEIIGIGGFGKV... stable

Protein 2: WIGDEVAVKAARH... unstable
Protein 3: IENVRIGIKLFAML... stable
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® Courses:
Bi9410 Structural Biology
Bi7430 Molecular biotechnology

Bi9680en Atrtificial Intelligence in Biology, Chemistry, and Bioengineering
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https://loschmidt.chemi.muni.cz/peg/wp-content/uploads/2019/01/acscatal.8b03613.pdf
https://loschmidt.chemi.muni.cz/peg/wp-content/uploads/2020/01/acscatal19c.pdf
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